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Optimization Space for Active Portfolio Management
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Services and APls

Active Portfolio Management - Business Applications

Portfolio Planning

Portfolio Balancing

Trading & Marker Making

Signal Generation

=

Price/Volatility Prediction

.

Simulation & Backtesting
Simulation Backtesting
I\ =
Market Scalping

—

L L

Sentiment/Pattern Analysis (NLP)

 News Scalping
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Operational Space for Market Maklng
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Operational Space for Market Making
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Adaptive Multi-Strategy Agent
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Trading with multiple Strategies at a Time
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Incremental ROI for adaptive MM strategy

Cumulative ROI Evaluated by Backtesting
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Real-time model-based policy selection
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Overall ROI for adaptive MM strategy
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Non-predictive vs. Predictive (LSTM) MM

BTC/USDT June 22-27, 2021
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Sentiment and Behavioral Patterns Mining

On highly-manipulative markets — sentiment and intent and
Insider information are the best predictors ... if you get them

g, CNBC oW Foilowing

Walmart to accept payments with
cryptocurrencies using litecoin
cnb.cx/3A3cWuR

CNBC deleted after 48 minutes
ID: 1437415272206450692

3A3cWuR
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Emotions & Distortions affecting the Markets
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ping

Causal Indicator Mining for Price Moves

Reverse temporal
correlation as
causal connection
between sentiment
patterns and price
change
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CBS patterns vs. Market Dynamics (Volume)

Correlation between CBS patterns and sell volume with time shifts (days)
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Sentiment for Market Pri

Correlation between overall sentiment (pos) and price difference with time shifts
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Sentiment Analysis — Models’ Fight

Average correlation across all models

I Pearson correlation
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emporal Correlational Analysis
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Temporal “"Cube” Correlational Analysis
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Building Compound Indicator
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Correlating Price LR/Diff with

plt.scatter(blended, price)

plt.show()

plot_series([blended],None, 'sentiment’,resampled price_df, 'price close_lr', norm=True)
plot_series([pred],None, 'price prediction',resampled price_df, 'price_close_lr', norm=False)
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Predicting Price by Dift

train+test
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Predictina Price bv Diff on Intervals

train+test
1.00 ——— price_close_Ir
1 — train+test
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Dailv Price Prediction bv CI

price90 df = stsgl.get ohlcvs_range df(from time,till time,period=3600*24)
df = pd.concat([predicted90 df, price90 df], axis=1l)

mape = mape vectorized v2(df[ 'price close'],df[ 'price previous'])

da = safe mean directinal accuracy(df[ 'price close'],df[ 'price previous'])
print('price previous', mape,da)

mape = mape vectorized v2(df[ 'price close'],df[ 'price sentiment'])

da = safe mean directinal accuracy(df[ 'price close'],df[ 'price sentiment'])
print('price_sentiment',mape,da)

p = df[[ 'price close', 'price sentiment', 'price previous']].plot()

price_previous 0.026243467195859828 0.43333333333333335
price sentiment 0.04143159097794829 0.4777777777777778
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price_sentiment
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Hourly Price Prediction by CI

predicted30h_df = pd.DataFrame(prices30h,columns=[ 'price_sentiment', 'price previous','diff predicted', 'time'])
predicted30h_df.set_index('time',inplace=True)

price30h df = stsqgl.get_ohlcvs_range df(from time,till_time+dt.timedelta(hours=1),period=3600)
print(len(predicted30h_df))

assert len(predicted30h _df) == len(price30h_df)

df = pd.concat([predicted30h_df, price30h_df], axis=1)

mape = mape_vectorized v2(df['price_close'],df[ 'price previous'])

da = safe mean directinal accuracy(df['price close'],df[ 'price previous'])
print('price previous', mape,da)

mape = mape_vectorized_v2(df['price close'],df['price_sentiment'])

da = safe mean directinal_ accuracy(df[ 'price_close'],df[ 'price_sentiment'])
print('price sentiment', mape,da)

p = df[[ 'price_close', 'price_sentiment', 'price_previous']].plot()

p = df[:500][[ 'price close','price sentiment', 'price previous']].plot()

p = df[500:1000][[ 'price close', 'price sentiment', 'price previous']].plot()
p = df[1000:1500][[ 'price close', 'price sentiment', 'price previous']].plot()
p = df[1500:][[ 'price_close', 'price_sentiment', 'price_previous']].plot()
2185

price_ previous 0.004637059941957259 0.4739010989010989
price_sentiment 0.02006079785070863 0.4958791208791209
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TODO Next?

Overfitting—tolerant blending?

Manual channel grouping by clustering for cleaner blending?
Add account for item counts and text volumes?

Cleaner normalization based on text volumes?

Hourly training on dalily intervals?

Using other ML approaches to “the media cube” data?
Currencies other than Bitcoin?
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Thank you and welcome!

Anton Kolonin
akolonin@aigents.com
Facebook: akolonin
Telegram: akolonin

{ \ autonio.foundation g SingularityNET
N4 (
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