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3a4yem HYXHbl pernyraunoHHble CUCTEMBbI

YTO nameHmnocb 3a nocrnegHue OecaTtku nert?

CBSA3aHHOCTb — ASEATKA MUJSTTUOHBLI NIOOEN

CKOpPOCTb — pevnimnebma ceema
HapnexXHoCTb — 6Aanusknelapysbs He3HaKoMUbI
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PenyTtaunoOHHbIE CUCTEMBI - Peliaemble npobnemsi

Cucrtemsbl rNnpodax HeyecTHas kOHKypeHUMs
HoBOCTHbIE CepBUCHI DaiIKoBbIE HOBOCTY
COL|||/|aj'| bHbl@ CeTN Haeasumeas peknama, XxaMcTBO

[lcuxonormnyeckas 3almnTa PaspylueHHble OTHOLLEHUS
dunHaHcoBas be3onacHoCTb  MoleHHuYecTBO

PacnpegeneHHble CUCTEMbI  3axsar ynpasrneHus

TeKyL-IaFI OEMOKpATUA [Hecrabunusauma obuiectsa
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[Tpumep 1: [MpOTUBOCTOATL "HaKpyTKam”

Amazon items with the highest % of fake reviews

Percent of total reviews identified as ‘untrustworthy’ by
ReviewMeta’s analysis tool (overall average = 11.3%)

Headphones m 51%

Cell phone accessories 1 63%
Business books 80%

Pest control m 82%

TV & video m 82%

Romance books m 82%

Security & surveillance m 84%
Self-help books m 84%
Computer accessories 85%
GPS m 85%

Data via ReviewMeta; Limited to cats with 260k+ reviews
* Fake = simplified term for untrustworthy «HUSTLE
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PenyTauMOHHLIN KOHCEHCYC KaK cpeaCcTBO ynpaBneHud
B KOMMbIOTEPHbBIX, COUMaribHbIX N TMOPUAHLIX CUCTEMAX

Proof-Of-Work Proof-Of-Stake Proof-Of-Reputation
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obnagaet bonblen oy e neHer Ha zapa6ortan Gonee

N3NYECKON UMK
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y ynaumio. obLlecTBe, MPOBEPEHHYIO
BbIYNCITUTENBLHOW
BPEMEHEM.
MOLLHOCTbIO.
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) Si laritvNET PeweHne 1: Pa3geneHne nocTtaBLMKOB
ht:n?/u_ C”;' Y ~ B CUCTEME NPOAA OHMAVH Ha YECTHbIX
RS.ISIIUAHVNELR 1 MoweHHukoB (anropuTm “liquid rank”)

100
RS AR R e e B R T
75
® . ®
50: i
(U7 RO
prs @ & ‘~ ;
25
0

Ranks of Suppliers, dishonest Supplier (including alias) in red and honest suppliers in blue

Copyright © 2019 SingularityNET 7


https://singularitynet.io/

() SingularityNET RQpUtat|On SyStem for

Reputation System Type :OMU LTS BSL SGP
None 0.99 0.01 0.06 0.83
Regular 0.97 0.03 0.08 1.11
Weighted 0.99 0.01 0.03 037
TOM 095 0.01 0.03 0.36
SOM 0.99 0.02 0.03 0.46
Anti-biased 1.00 0.00 0.02 0.25
Predictive 0.99 0.01 0.03 0.40
Vendor Impact 0.99 0.01 0.03 0.37
BSL SGP LTS
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Marketplaces against Reputation Gaming

Table and charts presenting performance
of financial metrics for different
reputation systems using adaptive
simulation. The charts show a 95%
confidence interval for the highest and
lowest the true values could be (had we
repeated the simulations indefinitely).
Compared results between “Regular”
and “Weighted” reputation system,
TOM/SOM (time/spendings on the
market) based ones, “Anti-biased”,
“Predictive” and “Vendor Impact”
reputation system. The optimisation was
targeting to make OMU (Organic Market
Utility) higher and making the other
metrics such as LTS (Loss to Scam),
BSL (Buyers Satisfaction Loss), SGP
(Seller Gaming Profit) lower.

Use of “Regular” reputation system
makes all financial metrics instantly
worse than in the case when no
reputation system is used at all - just
because of the reputation gaming
redirecting the market to the dishonest
providers increasing their profits (SGP),
decreasing the volume of honest market
(OMU) and causing losses for buyers
(LTS and BSL). We can also see than
most ot the reputation system
configurations, such as “Anti-biased”,
Weighted, TOM, “Predictive”, and
“Vendor Impact” improve the financial
metrics. The LTS column shows that the
best “Anti-biased” reputation system
configuration reduced the total market
volume spent on scams to zero making
the OMU approached 1.00, rounding to
the first two decimal places.
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[Mpumep 2: NomMoub nogsam rnoHATb cebs n bonee adPeKTUBHO
obLaTbCca — o CBOUM crieamM B COLICETAX U OHIManH-pecypcax
onpenensitb UHTEPECHI U colmarbHble OTHOLLIEHUA, CTUMK
noseaeHnsa n oobegnHAKLWLME coumarbHble CTPYKTYPHbI.
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[Tpumep 3: Nomoub nogsam ynyywnTb penyTaumio Unn counanbHbIv

Kanutan (“kapmy”) Co BpeMeHeM, aHann3npys nx NSMEHeHns B

CBA3N C ncxogdawmmMmm m exogaLimMm KOMMYHUKaUNAMHA

Mom 3bA 38 NEpPHOAbI

Mepwop Kapma,% |(Opo6peHua Kommentapmun [lpysbsa

2017-09-19 - 2017-09-20|48 11 1 Madiha Liagat Khan Joseph Anoop George enena
Tpodumosa Anatoly Tkachev Lyudmila Kolonina Vanya Vanchez Angpeit Tonctuxud Epnax
BauxaHoe Aigents Chamara Fernando

2017-09-12 - 2017-09-1976 12 7 Lyudmlla Kolonina Misha Kolonin eneua Tpodumosa Artyomn Art
Brynn Gleb Protopopov Mropb KoHapaTteee Madiha Liagat Khan Aigents Alexey Turchin Elena
Romanenko Anatoly Tkachev Charles Szekeres Onbra NonyHuHa EpnaH BaitxaHos Mikhail
Tumaykin Joseph Anoop George Dmitry Syomin

2017-09-05 - 2017-09-12/100 24 1 Denis Odinokov Mykola Rabchevskiy Misha Kolonin Cannukos I0pwit Gleb
Protopopov Arseniy Kolonin Vyacheslav Ananyev Anna Skornyakova Cassio Pennachin Mira
Kwak Anatoly Tkachev Anna Brusnitsina Serge Gluschnev Donell Almanzor Aducal Stanislav
Taktaev Kirill Ankydinov Andrei Dergatchev EpnaH BaixaHos Robert Tercek MpuHa
KapnuHep Jonathan Kim Andrey Chernogorov KoHcTaHTuH KOpueHko Hatanusa CeeTallesa

2017-08-15 - 2017-08-22|52 11 2 AHEKca Hlnp repLI.Ia HWK enera Tpodumosa Misha Kolonin Anton Lobastov Evgeniy Paviovskiy AHapei
ToncTuxkH Arseniy Kolonin Aigents Joseph Anoop George AHaped Wcakos EBredui Jy6poBuH

2017-08-08 - 2017-08-15(92 15 8 Plaget Modeler Lyudmila Kolonina vury Nebieridze Joseph Anoop George wisra koionin cenis

Mou cnoBa 3a nepuoabl

Ortuer Aigents ana Facebook 8

Mepwog Kapma,% |0go6perna Kommentapun Cnobea
2017-09-19 - 2017-09-2048 11 1 pl‘esentatlons a|0ng political recognizing project research demonstrations contributions
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2017-07-18 - 2017-07-2516 4 0 d |fferent conference moscow widgets view connectivity corner similarity top-left periods let meet
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[Tpmep 4: [NoMoYyb KOMMNAHUAM U coODLLECTBAM NOHATL CTPYKTYPY
N OMHAMMUKY coumarbHbIX MPOLLEeCCOB HAa OCHOBE KOMMJIEKCHOIO
aHann3a couunaribHbIX U d)I/IHaHCOBbIX B3anMOOEeNCTBUN B CETU
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AHTOH KONMOHWH
akolonin@aigents.com

KonnekTuBHbIW/counanbHbIM MHTENMEKT Mo-pyccku B Facebook:
https://www.facebook.com/groups/socialintelligence/
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